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Fig.2 Scores for each mode from April to August 2018
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Fig.3 Scoring functions for various modes during the 2018—
2020 fog season
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Fig.4 Probability of detection during the 2018—2020 fog
season for each mode
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Comparative analysis and error correction of multiple models for sea fog
forecasts in the Qingdao coastal area

GU Yu, SHI Xiaomeng
(Qingdao Meteorological Bureau, Qingdao 266003, China)

Abstract: This paper uses the data of Qingdao Meteorological Automatic Observation Station, ECMWF fine grid
model, CMA-SH9 model and Ocean University of China Regional Atmospheric and Oceanic Short term Real
time Forecast System from April to August during 2018—2021 to compare and analyze the visibility forecasting
products in the Qingdao coastal area in different months and under different weather situations. The conclusions
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are as follows: The visibility forecasts of each model vary in different months of fog season. The Ocean
University of China model has the best forecasting effect in the whole fog season, followed by the CMA-SH9
model, and the ECMWF model has the worst forecasting effect. The visibility forecasts of the ECMWF model are
larger than the actual situation, and there is a high rate of missing reports, which is significantly different from the
other two models. The visibility forecasts of the CMA-SH9 model and Ocean University of China model are
lower than the actual situation, and the forecast fog days are more than the actual situation. Although the rate of
missing reports is low, the rate of false reports is high. The overall visibility forecasting effect of the Ocean
University of China model is the best when the weather situation is low pressure inverted trough type, front type
and pressure equalizing field type, and the CMA-SH9 model is the best when the weather situation is high
pressure bottom type. The linear regression method, nonlinear regression method and logarithmic regression
method are used to correct the errors of each model. The comparison shows that the nonlinear regression method
has the best correction effect, and the accuracy of the modified ECMWEF fore cast has the most obvious
improvement.

Key words: Qingdao; sea fog; visibility mode; error correction



